Abnormal Respiratory Sound Classification
Using Hierarchical Attention Networks
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Faustino, P. S. (2019). Crackle and wheeze detection in lung sound signals using convolutional neural networks.
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v ICBHI (International Conference on Biomedical and Health Informatics) 2017 Challenge
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Liu, C., Springer, D., Li, Q, Moody, B., Juan, R. A, Chorro, F. J,, ... Clifford, G. D. (2016). An open access database for the evaluation of heart sound algorithms. Physiological Measurement.
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Minami, K., Lu, H., Kim, H., Mabu, S., Hirano, Y., & Kido, S. (2019, October). Automatic classification of large-scale respiratory sound dataset based
on convolutional neural network. In 2019 19th International Conference on Control, Automation and Systems (ICCAS) (pp. 804-807). IEEE.
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< Ma et al. Method >
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Ma, Y., Xu, X, Yu, Q, Zhang, Y., Li, Y., Zhao, J., & Wang, G. (2019). Lungbrn: A smart digital stethoscope for detecting respiratory disease using
bi-resnet deep learning algorithm. BioCAS 2019 - Biomedical Circuits and Systems Conference, Proceedings.
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